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Abstract - This work proposes an extension of 

aspect-based opinion mining approach in order 

to apply itto the tourism domain. The extension 

concerns with the fact that users refer 

differently to different kinds of products when 

writing reviews on the Web.Through a detailed 

study of on-line tourism product reviews, we 

found these features and then model them in our 

extension, proposing the use of new and more 

complex NLP-based rules for the tasks of 

subjective and sentiment classification at the 

aspect-level. We also entail the task of opinion 

visualization and summarization and propose 

new methods to help users digest the vast 

availability of opinions in an easy manner.User 

review is collected ,pos tagging is applied,then 

NLP rules is used .Next to find the opinion 

words based on  the user aspect ,sentiment 

analysis and orientation is extracted 

sentiwordNet  dictionary is used to find  the 

positive and negative words.In this process 

aspect is identified, extracted and sentiment 

analysis is applied and then orientation is found 

,finally result is generated. 

 

I.INTRODUCTION 

 

Earlier, the web content was dominated by 

read-only, objective views given out by the 

retailers but, with time, this factual 

information has been taken over by subjective 

views contributed by consumers themselves. 

The objective content is the factual data about 

a product/service that a business provides to a 

consumer. They generally have a positive or 

neutral annotation associated with them which 

sometimes the consumers from 

theproduct‘s/service‘s real-time experience. 

The subjective views are a collection of 

opinion, reviews,recommendations, comments, 

ratings and personal experience shared by 

different users communicated through forums, 

social networks, blogs, etc., along with the 

factual data. This publicly open collection of 

reviews is a boon for the consumers as they 

get to share and learn the different aspects of a 

product/service like features, advantages, 

limitations, suppliers. Due to all of the above, 

the transition from business-to-consumer 

communication to a peer-to-peer model has 

been a very important feature of the Web 

media. The online peer-to-peer communication 

serves as a medium of spreading awareness 

regarding a product/service and targets a larger 

audience than any other medium. Different 

review sites provide different means of 

evaluating the product/service to the 

consumers. This means include thumbs 

up/down (indicating like/dislike), numerical 

star ratings, comments, etc. to convey their 

experience with the product/service with other 

prospective consumers. The consumers can 

access the review sites or other such forums to 

discuss and find solutions for product/service-

related problems, for pre-purchase product 

inquiries, and post purchase service 

evaluations on an unprecedented scale in real 

time. This paper exploits the publicly available 

pool of online product reviews by 

automatically extracting marketing 

intelligence from the vast repository of user-

generated.The explosive growth of social 

networks, enterprises and individuals are 

increasingly using the content in these media 

to make better decisions. For instance, tourists 
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check opinions and experiences published by 

other travelers ondifferent Web platforms 

when planning their own vacations. On the 

other hand,fororganizations, the vast amount 

of information available publicly on the Web 

could make polls, focus groups and some 

similartechniques an unnecessary requirement 

in market research. Considering a similar 

problem, this work is an effort to create a tool 

that offers a set of summarization methods and 

help users digest in an easy manner the vast 

availability of opinions in the tourism domain. 

The core of our system is a novel extension of 

Bing Liu‘saspect-based opinion mining 

methodology, which was developedby us in 

order to apply Liu‘s ideas to the tourism. It 

reviews past, present, and future trends of 

sentiment analysis. It covers common tasks for 

sentiment analysis along with the main 

approaches,and discusses the evolution of 

different tools and techniques—from heuristics 

to discourse structure, analysis, and from 

keyword to concept-level opinion mining. The 

article also discusses the emergence of 

multimodal sentiment analysis and considers 

future tendencies. In ―Building a Concept-

Level Sentiment Dictionary Based on 

Common sense Knowledge‖ by a two-step 

method combining iterative regression and 

random walk with in-link normalization is 

proposed to build a concept-level sentiment 

dictionary. Concept-Net is exploited for 

propagating sentiment values based on the 

assumption that semantically related concepts 

share common sentiment. Another peculiarity 

of the article is that it uses polarity accuracy, 

distance, and average maximum ratio, instead 

of mean error, to better evaluate sentiment 

dictionaries  

 

II. RELATED WORK 

     

This section provides literature review of the 

research streams related to online product 

reviews and sentiment analysis on product 

reviews. 

 

A. Studies Related with Opinion mining and 

Sentiment Analysis on Online Reviews 

User-generated consumer reviews assist other 

potential consumers to make well-informed 

decisions about a product/service and also 

help the business class to understand 

problems encountered by the consumers and 

their product weaknesses. For exploiting the 

vast source of online product reviews, various 

advanced text processing methods, automated 

tools and techniques based on opinion mining 

and natural language processing have been 

proposed in literature. Implementing these 

advanced tools and techniques ononline 

product reviews may set a pattern for a larger 

consumer and business audience. Earlier 

research on exploiting the online product 

reviews are based on opinion mining and 

sentiment analysis for identifying whether the 

consumer recommends the product or not, 

whether the product features are supported 

well by the consumers or not. Opinion mining 

and sentiment analysis comprises of machine 

learning (ML), information retrieval (IR), 

natural language processing (NLP), text 

mining and Web search techniques to detect, 

extract and summarize opinion, sentiment and 

subjective knowledge from vast amounts of 

user generated text content on web. 

 

1) Document-level sentiment analysis: 

Document-levelsentiment analysis annotates 

subjective text documents withan overall 

sentiment polarity, for example 

determiningwhether a product review 

recommends the product or not.The underlying 

assumption is that each document conveys 

asingle overall opinion about a particular 

object. In document level file analysis we use 

supervised learning technique or unsupervised 

learning technique. Supervised learning 

technique as machine learning classifiers have 

shown good performance for sentiment 

analysis on different consumer review 

datasets. Bayes Theorem, Maximum entropy, 

K –nearest neighbour algorithm have display 

good performance .Unsupervised learning 

technique approaches overcome certain 
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weaknesses of supervised methods like long 

training time, overtraining, improved data set 

quality or performance,user time or efforts and 

need of proper quantity.  

 

2) Sentence-level Sentiment Analysis: 

Sentence-level sentiment analysis assumes that 

different sentences might convey different 

opinion about the product. Sentiment analysis 

at sentence-level involves two subtasks. 

First,opinionated sentences are identified and 

separated from thetext. The second subtask is 

to determine the sentiments orientation of a 

sentence as positive or negative. Both 

supervised and unsupervised. 

 

 B).Determining Candidate Noun Product 

Features that Imply Opinions 

Using the sentiment analysis method identify 

opinion sentences for each product feature in 

context, which contains both positive 

opinionated sentences and negative-

opinionated sentences. We then determine 

candidate product features implying opinions 

by checking the percentage of either positive-

opinionated sentences or negative-opinionated 

sentences among all sentences.Through 

experiments, make an empirical assumption 

that if either the positive-opinionated sentence 

percentage or the negative-opinionated 

sentence percentage is significantly greater 

than 70%, we regard this noun feature as a 

noun feature implying an opinion.  

 

III. METHODOLOGY 

 

The proposed research is completely 

experimental with a practical implementation 

described in detail. 

 

OPINION MINING 

The web world is thriving with e-commerce 

thesedays and the need for online reviews has 

become crucial. Theproduct reviews guide the 

customers and help them in makingdecisions 

regarding various available products which 

otherwisewould bemuse them. But, one issue 

hampering this decisionmaking problem is to 

sift through the huge jumbled piles 

ofreviewsavailable on the vast web. This 

makes the automaticextraction, 

summarization, and tracking of the 

availableopinions very beneficial for the 

customers looking to buy aproduct. The 

automatic summarization and classification 

isdifferent for different domains and varies 

with the testingsituations. 

 

ASPECT MINING 

Aspect mining means Processing of data is 

that the data which are to be stored and used 

for further process are defined during this 

process. Stem word addition includes adding 

of data into dataset. The dataset contains user 

review and raw data.Based on user reviews we 

cannot justify the result.In this process the raw 

datas are filtered and provide some useful 

reviews. 

 

ASPECT IDENTIFICATION 

This stage aims to find and extract important 

topics in the text that will then be used to 

summarize, based on NLP and statistics. In 

their proposal, part-of-speech (POS) tagging 

and syntax tree parsing are used to find nouns 

and noun phrases or NPs.They also extract 

non-frequent aspects using an approach by 

finding nouns or NPs that appear near to 

opinion words with high frequency. This 

approach does not extract adjectivesor any 

other kind of non-object aspects.POS 

TaggingPart-of-Speech Tagging (POST) or 

lexical set are used tofind out the grammatical 

words in any document or userspeech: like 

noun, verb, adjective, etc. This can be 

doneeither on the basis of definition, e.g. all 

names are noun likeIndia, or on the basis of 

context which depends upon the relationship 

with neighbouring or similar words.  

 

B. Rule Mining 

Rule mining is a very well-known and well 

researched area for inventing new methods, 

relations between two or more variables. In 

this data mining technique, we can create new 

combinations, new rules, new methods based 
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on the relations between parts of speech 

obtained from POS tagging.This can be done 

thorough study of the language 

andunderstanding the underlying relations 

between differentparts of the speech and 

expressing these relations via rules.Such 

methods and rules are very useful for making 

good decisions. With the help of defined rules 

user can easily take any decision about any 

comment and hence about the product. 

 
                           (Figure 1) 

 

SENTIMENT PREDICTION 

The next phase is sentiment prediction, to 

determine the sentiment orientation on each 

aspect. This method relies on a sentiment word 

dictionary that contains a list of positive and 

negative words (called opinion words) that are 

used to match terms in the opinionated text. 

Also, since other special words might also 

change the orientation, special linguistic rules 

are proposed. Among others, these rules 

consider negations words‗‗no‘‘ or ‗‗not‘‘ and 

also some common negation patterns. 

However,despite how simple these rules might 

appear, it is important to handle them with 

care, because not all occurrences of such rules 

or word apparitions will always have the same 

meaning. In this context, rules developed by 

Ding, Liu and Yu include an aggregation score 

function to determine the orientation of an 

aspect in a sentence combining multiple 

opinion words.  

 

ASPECTEXPRESSION EXTRACTION 

As defined by Liu, aspects do not directly 

appear in a text but they exist in the manner of 

aspect expressions. Accordingly, when trying 

to apply Liu‘s opinion model to extract 

opinions from real data, concepts can be 

somewhat confusing or unclear. It is also 

unclear how aspects that appear more than 

once in a document are managed. Having 

noticed these issues, a model to build opinion 

tuples from an opinionated document has been 

developed here.To make things simpler, 

consider a set of opinionated documents Di ¼ 

fdi1; di2; . . . ; doing about only one entity, ei. 

This seems a realistic assumption since 

opinions are usually available in the form of 

product reviews on the Web. Then, each 

opinionated document will correspond to a 

review or opinion given. Opinions on will be 

expressed on the entity itself and on a subset 

of its aspects. Similarly, each aspect appear on 

as a set of aspect expression.The entity will 

appear as a subset of different entity 

expressions. Thus, the setis defined as the set 

of all aspect expressions of all aspects and all 

entity expressions appear in it. A sentence is 

related to one aspect expression or entity 

expression only if it appears in that sentence. 

Next, sentiment orientation needs to be 

determined for each pair any aspect expression 

or entity expression appears on it. After 

determining sentiment orientation,of the 

corresponding document should simply be 

added in order to build each opinion tuple. On 

the other hand, Liu‘s proposal indicates that it 

seems reasonable that frequently used nouns in 

product reviews are usually genuine and 

important aspects expressions because when 

people comment on different aspects of a 

product, the vocabulary that they use usually 

converges. 

 

DETERMINATION OF THE OPINION  

ORIENTATION 
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1).WORD ORIENTATION RULES 

 

In first place, we need to determine the 

orientation of each word in a sentence. In 

order to do so, we propose Algorithm 1.Word 

rules: Positive opinion words will intrinsically 

have a score of 1, denoting a normalized 

positive orientation, while negativeones will 

have associated a score of -1. Every noun and 

adjective in each sentence that is not an 

opinion word will have an intrinsic score of 0 

and will be called neutral word. Negation 

rules: A negation word or phrase usually 

reverses the opinion expressed in a sentence. 

Consequently, opinion words or neutral words 

that are affected by negations need to be 

specially treated. 4.2.1. Word orientation rules 

In first place, we need to determine the 

orientation of each word in a sentence. In 

order to do so, we propose Algorithm 1. 

The algorithm applies a set of linguistic rules, 

which are explained below. 

 

Algorithm 1. Word orientation 

1: if word is in opinion_words then 

2: mark(word) 

3: orientation ←Apply Opinion Word 

Rule(marked_word) 

4: else 

5: if word is in neutral_words then 

6: mark(word) 

7: orientation← 0 

8: end if 

9: end if 

10: if word is near a too_word then 

11: orientation←Apply Too 

 Rules(orientation) 

12: end if 

13: if word is near a negation_word then 

14: orientation ←Apply Negation 

Rules (orientation) 

15: end if 

16: return orientation 

 

2).ASPECT ORIENTATION RULES 

Having mentioned rules that help in 

determining each word orientation in a 

sentence, it is now explained how all these 

orientations should be combined to determine 

the final orientation of a sentence on a 

particular aspect. Our proposal is summarized 

in Algorithm 2 and it only considers words 

marked as opinion words or neutral words, 

which we call marked words, as they are the 

only ones that will provide the orientation for 

each sentence. The detailed process is 

explained below.Liu‘s proposal seems fairly 

simple and effective for summarizingopinions. 

However, it lacks a robust way of measuring 

the importanceof each evaluated aspect. In 

other aspects areranked according to the 

frequency of their appearances in these 

reviews, but it is also declared that other types 

of rankings are also possible, like ranking 

aspects according to the number of reviews 

that express positive or negative opinions. 

Here, we attempt to measure the importance of 

each aspect simultaneously using the amount 

of positive and negative opinions of it. In this 

way the total number of times that an aspect 

appears is not only considered in measuring 

importance, but also the dispersion in the 

number of positive and negative opinions. Let 

Pi and Ni be the number of positive and 

negative opinions on aspect. 

 

IV.RESULT AND ANALYSIS 

 

This section describes and demonstrates the 

implementation of our method on tourism 

reviews and the obtained results. We have 

used three ways to display the output of the 

analysis:Orientation: It gives the final 

inclination of the entire analyzed review. Also, 

it displays the 

identified opinion words from the review and 

each word‘s individual orientation through 

color coding. 

Graph: It gives a graphical representation of 

user reviews count of positive reviews and 

negative reviews opinion used in the review 

being considered. 

Word Frequency: It gives a graphical 

representation of the count of occurrences of 

the top 20 positive and top 20 negative words 

used in the reviews being analyzed. 
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V.CONCLUSION AND FUTURE WORK 

 

In our survey and implementation we study 

about the opinion mining and user sentiments. 

With user reviews wefind out the consumer 

reviews and understand the sentiments. 

Sentiment analysis define user review is 

positive, negative and neutral. Sentiment 

analysis apply implementation on real scenario 

application like www.flipkart.com, 

www.mouthshut.com etc. Basically it is use 

for sentimentanalysis. Sentiment analysis 

should be domain specific we are focusing on 

tourism domain. We can apply sentiment 

analysis on new domain like laptops, car and 

bike etc. Although this technique POS tagging 

and Rule mining used for sentiment analysis 

and we can find out the opinion words. With 

the help of this technique we can display 

graphical representation of opinion words and 

word frequency for positive or negative words. 

More future research could be dedicated to 

enhancement on this implementation. The 

recent work focuses on opinion mining and 

sentiment analysis on tourism domain. Our 

existing approach and method focus on: 

Orientation, 

OpinionWords,andGraphicalrepresentationWo

rd Frequency for positive or negative words.In 

future ,best mining process is used  for 

determine the opinion words in a dataset.Then, 

this process is applied  in the online for finding 

the best review and provide recommendation 

for the product. 
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