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ABSTRACT

In this project ranking fraud in the movie business alludes to false or tricky exercises which have a motivation
behind, knocking up the movies in the fame list. To be sure, it turns out to be more incessant for movie makers
to utilize shady means, for example, expanding their movies' business or posting imposter movies evaluations,
to confer positioning misrepresentation. While the significance of avoiding Ranking fraud has been generally
perceived, there is constrained comprehension and examination here. This project gives a holistic perspective
of positioning misrepresentation and propose a Ranking fraud identification framework for movies reviews.
Identifying ranking fraud is actually to identify ranking fraud of movies reviews within such leading sessions.
In this paper, an useful algorithm is used to discover the leading sessions based on the historical records and
with the help of analysis of those records, it is proved that deceptive movies usually have different ranking
patterns in each leading sessions as compared to the normal movies. Therefore it is illustrated from those
ranking records that some fraud is taking place in movies market and to restrict those frauds, three main
evidences are developed to detect such fraud. The proposed framework can be utilized in many
recommendation tasks on the movies, including review suggestions, tag recommendations, expert finding,
image recommendations, image annotations, etc. In this project, abbreviation based Review suggestion is also
considered. In addition, search engine results comparison is also considered. Personalized recommendations are
given importance. Previous search review words are also taken into review suggestion calculation.
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INTRODUCTION

To stimulate the development of movies
reviews, many m Data mining is the process of
extracting patterns from data. Data mining is seen
as an increasingly important tool by modern
business to transform data into an informational
advantage. It is currently used in a wide range of
profiling  practices, such as  marketing,
surveillance, fraud detection, and scientific
discovery.

Data mining is the process of applying these
methods to data with the intention of uncovering
hidden patterns. It has been used for many years by
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businesses, scientists and governments to sift
through volumes of data such as airline passenger
trip records, census data and supermarket scanner
data to produce market research reports. (Note,
however, that reporting is not always considered to
be data mining.)

Movie stores launched daily  movie
leaderboards, which demonstrate the chart
rankings of most popular movies. Indeed, the
movie leaderboard is one of the most important
ways for promoting movies reviews. A higher rank
on the leaderboard usually leads to a huge number
of downloads and million dollars in revenue.
Therefore, movie developers tend to explore
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various ways such as advertising campaigns to
promote their movies in order to have their movies
ranked as high as possible in such movie
leaderboards. However, as a recent trend, instead
of relying on traditional marketing solutions, shady
movie developers resort to some fraudulent means
to deliberately boost their movies and eventually
manipulate the chart rankings on a movie store.

Ranking fraud in the mobile movie market
refers to fraudulent or deceptive activities which
have a purpose of bumping up the movies in the
popularity list. Indeed, it becomes more and more
frequent for movie developers to use shady means,
such as inflating their movies ’ sales or posting
phony movie ratings, to commit ranking fraud.
While the importance of preventing ranking fraud
has been widely recognized, there is limited
understanding and research in this area [1-5].

The ranking based evidences are useful for
ranking fraud detection. However, sometimes, it is
not sufficient to only use ranking based evidences.
Some of the legal marketing services, such as
“limited-time discount”, may also result in
significant ranking based evidences. To solve this
issue, we also study how to extract fraud evidences
from  movies’  historical rating  records.
Specifically, after a movie has been published, it
can be rated by any user who downloaded it.
Indeed, user rating is one of the most important
features of movie advertisement. A movie which
has higher rating may attract more users to
download. In this project provide a holistic view of
ranking fraud and propose a ranking fraud
detection system for movies reviews.

The following are the objectives of the project

e To make review suggestion to end users.

e To make expansions of abbreviated review.

e To satisfy the user’s information needs using
the new search mechanism.

e To eliminate unwanted movies reviews to
better extent.

RELATED WORKS

Ms. Neha Hete, Prof. Dhananjay Sable Ranking
extortion in the portable App business sector
alludes to fake or misleading exercises which have
a motivation behind knocking up the Apps in the

fame list. For sure, it turns out to be more
successive for App designers to utilize shady
means, for example, swelling their Apps' business
or posting fake App appraisals, to submit
positioning extortion. While the significance of
averting positioning extortion has been broadly
perceived, there is restricted comprehension and
examination here. To this end, in this paper, we
give an all-encompassing  perspective  of
positioning misrepresentation and propose a
positioning extortion recognition framework for
portable Apps. In particular, they first propose to
precisely find the mining so as to position
misrepresentation the dynamic periods, to be
specific driving sessions, of versatile Apps. Such
driving sessions can be utilized for distinguishing
the neighborhood oddity rather than worldwide
peculiarity of App rankings. Moreover, we
research three sorts of proofs, i.e., positioning
based confirmations, modeling so as to rate based
proofs and audit based proofs, Apps' positioning,
rating and survey practices through measurable
speculations tests. What's more, we propose a
streamlining based total technique to incorporate
every one of the proofs for misrepresentation
detection. The versatile application suggestion for
finally, we assess the proposed framework with
true App information gathered from the iOS App
Store for quite a while period. In the trials, we
approve the adequacy of the proposed framework,
and demonstrate the adaptability of the recognition
calculation and also some normality of positioning
extortion exercises

Kent Shi, Kamal Ali compare a latent factor
(Pursed) and a memory-based model with our
novel PCA-based model, which we call Eigenapp.
We use both accuracy and variety as evaluation
metrics. PureSVD did not perform well due to its
reliance on explicit feedback such as ratings,
which we do not have. Memory-based approaches
that perform vector operations in the original high
dimensional space over predict popular apps
because they fail to capture the neighborhood of
less popular apps. They have high accuracy due to
the concentration of mass in the head, but did
poorly in terms of variety of apps exposed.
Eigenapp, which exploits neighborhood
information in low dimensional spaces, did well
both on precision and variety, underscoring the
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importance of dimensionality reduction to form
quality  neighborhoods in  high  kurtosis
distributions.

Bin Liu, Suman Nath et al Ad networks for
mobile apps require inspection of the visual layout
of their ads to detect certain types of placement
frauds. Doing this manually is error prone, and
does not scale to the sizes of today’s app stores. In
this paper, we design a system called DECAF to
automatically discover various placement frauds
scalably and effectively. DECAF uses automated
app navigation, together with optimizations to scan
through a large number of visual elements within a
limited time. It also includes a framework for
efficiently detecting whether ads within an app
violate an extensible set of rules that govern a
placement and display. We have implemented
DECAF for Windows-based mobile platforms, and
applied it to 1,150 tablet apps and 50,000 phone
apps in order to characterize the prevalence of ad
frauds. DECAF has been used by the ad fraud team
in Microsoft and has helped find many instances of
ad frauds.

Prof. Amruta Gadekar, Rajani Gupta, Mamta
Kumari, Monika Munswamy describe Ranking
fraud in the mobile App business alludes to false
or tricky exercises which have a motivation
behind, knocking up the Apps in the fame list. To
be sure, it turns out to be more incessant for App
designers to utilize shady means, for example,
expanding their Apps' business or posting imposter
App evaluations, to confer positioning
misrepresentation. While the significance of
avoiding Ranking fraud has been generally
perceived, there is constrained comprehension and
examination here. This paper gives a holistic
perspective of positioning misrepresentation and
propose a Ranking fraud identification framework
for mobile Apps. In particular, it is proposed to
precisely find the mining so as to pose extortion
the dynamic periods, to be specific driving
sessions, of portable Apps. Such driving sessions
can be utilized for identifying the neighborhood
inconsistency rather than a worldwide abnormality
of App rankings. Moreover, three sorts of proof s
are explored, i.e., positioning based confirmations,
modelling so as to rate based proofs and survey
based proofs, Apps' positioning, rating and audit
practices through factual theories tests. Also, a

streamlining based conglomeration technique is
explored to incorporate every one of the
confirmations for misrepresentation discovery. At
last, assessment of the proposed framework is done
with certifiable App information gathered from the
iOS App Store for quite a while period. In the
investigations, this paper accepts the adequacy of
the proposed framework, and demonstrates the
identification's versatility calculation and

Hengshu Zhu and Huanhuan Cao describe a key
step for the mobile app usage analysis is to classify
apps into some predefined categories. However, it
is a nontrivial task to effectively classify mobile
apps due to the limited contextual information
available for the analysis. To this end, in this
paper, we propose an approach to first enrich the
contextual information of mobile apps by
exploiting the additional Web knowledge from the
Web search engine. Then, inspired by the
observation that different types of mobile apps
may be relevant to different real-world contexts,
we also extract some contextual features for
mobile apps from the context-rich device logs of
mobile users. Finally, we combine all the enriched
contextual information into a Maximum Entropy
model for training a mobile app classifier. The
experimental results based on 443 mobile users’
device logs clearly show that our approach
outperforms two  state-of-the-art  benchmark
methods with a significant margin.

In this paper, we proposed a novel approach for
classifying mobile apps by leveraging both Web
knowledge and relevant real-world context. To be
specific, we first extracted several Web knowledge
based textual features by taking advantage of a
Web search engine. Then, we also leveraged real-
world context logs which record the usage of apps
and corresponding contexts to extract relevant
contextual features. Finally, we integrated both
types of features into a widely used Max-Ent
model for training an app classifier. The
experiments on a real-world data set collected from
mobile users clearly show that our approach
outperforms two state-of-the-arts baselines.

METHODOLOGY

All the existing system approaches are
implemented in proposed system also. Graph
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construction and Review suggestion algorithm is
implemented. Similarity measure between two
reviews is also considered. Abbreviation based
review suggestion is also considered. Personalized
recommendations are given importance. Previous
search review words are also taken into review
suggestion calculation. The proposed system has
following advantages.

e Expansions of abbreviated review are
considered.

e The new search mechanism satisfies the user’s
information needs.

e Unwanted movies reviews links are eliminated
to better extent.

e Review suggestion is better than existing
system.

e To calculate the opinion association value
can be changed i.e., threshold (adjustment) is
possible. So accuracy in alignment probability
may be improved.

e Additional types of relations between words,
such as topical relations are considered.

e Multiple words are considered in finding
opinion word and opinion target. Phrases are
used.

e Online movie reviews are protected by
providing the licensing authority based on
copywriters.

Add category

Add category module is used to store the
movies category details into the database table.
The details of the category table include, category
id and category name (for examples, science
fiction, action and love); these details are stored
and maintained in the table by this module.

Add movie

Add movie module is used to store the movies
details into the database table. The details of the
movies reviews table include, movie id and name
(for whatsapp, weather and net tariff), title,
description, category id, picture path and review
contents text file. In addition positive and negative
words in the review details are also stored and
maintained in the table by this module.

Search movie

Search movie module is used to search the
movie details from the database records based on
the selection of category. All the columns in the
movies reviews table are displayed in data grid
view control. If the text content is clicked in any
record, the picture of the movie is display in the
picture box. In addition, the positive and negative
words are fetched from that record and split with
comma as delimiter [6-11].

It’s corresponding review content is fetched
from the text file and split with comma, dot and
semicolon as delimiter. Then the positive and
negative words count present in the content file is
found out. The positive percent is found out
summing as positive words count /( positive words
count + negative words count) and also for
negative words. The user may or may not like to
download the movie (if the positive percent of the
review is more, then the user may like to download
the app.

LEADING EVENTS

Given a positioning limit K*e [1, K] a main
occasion e of movie a contains a period range also,
relating rankings of a, Note that positioning edge
K *is applied which is normally littler than K here
on the grounds that K may be huge (e.g., more than
1,000), and the positioning records past K * (e.g.,
300) are not exceptionally helpful for recognizing
the positioning controls. Moreover, it is finding
that a few movies have a few nearby driving even
which are near one another and structure a main
session.

Leading sessions

Instinctively, mainly the leading sessions of
mobile movie signify the period of popularity, and
so these leading sessions will comprise of ranking
manipulation only. Hence, the issue of identifying
ranking fraud is to identify deceptive leading
sessions. Along with the main task is to extract the
leading sessions of a mobile movie from its
historical ranking records.
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Identifying the leading sessions for movies
reviews

Basically, mining leading sessions has two
types of steps concerning with mobile fraud
movies. Firstly, from the movies historical ranking
records, discovery of leading events is done and
then secondly merging of adjacent leading events
is done which appeared for constructing leading
sessions. Certainly, some specific algorithm is
demonstrated from the pseudo code of mining
sessions of given mobile movie and that algorithm
is able to identify the certain leading events and
sessions by scanning historical records one by one.

q,

Ranking based evidences

It concludes that leading session comprises of
various leading events. Hence by analysis of basic
behavior of leading events for finding fraud
evidences and also for the movie historical ranking
records, it is been observed that a specific ranking
pattern is always satisfied by movie ranking
behavior in a leading event.

Review-url bipartite graph

For the review-URL bipartite graph, consider
an undirected bipartite graph as below. Using the
reviewl two times, the link 11 is visited. Likewise,
using the reviewl two times, the link 12 is visited.

Converted review-url bipartite graph

In this module, a converted graph is drawn. In
this converted graph, every undirected edge in the
original bipartite graph is converted into two
directed edges. The weight on a directed review-

URL edge is normalized by the number of times
that the review is issued, while the weight on a
directed URL-review edge is normalized by the
number of times that the URL is clicked.
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REVIEW SUGGESTION RESULTS

In this module, the review suggestions result is
generated. It is based on the intuition that two
queries are very similar if they link to a lot of
similar Mobile Apps URL. On the other hand, two
Mobile Apps URL are very similar if they are
clicked as a result of several similar queries. Based
on this intuition, in this module, the similarities
between Mobile Apps URL are calculated, then the
similarities for queries are computed based on the
similarities of Mobile Apps URL. Suppose two
review phrases display the many similar Mobile
Apps URL, then if one review is types, the second
review phrase is also suggested.

Abbreviation based review suggestion

In this module, during the review phrase
suggestion, when an abbreviated word is types
such as OS, then review phrases like Operating
System, Open Source and the like phrases are
suggested. The abbreviated and expansion words
are kept in a database table, fetched and displayed
during review typing.

0.2

PREVIOUS SEARCH REVIEW
WORDS BASED REVIEW
SUGGESTION

In this module, during the review phrase
suggestion, when few words of review phrase is
typed, most typed queries starting with (or
containing) these words in the past are all fetched
and the review phrases are displayed as suggestion.

CONCLUSION

In this project ranking fraud in the mobile
movie business alludes to false or tricky exercises
which have a motivation behind, knocking up the
movies in the fame list. To be sure, it turns out to
be more incessant for movie designers to utilize
shady means, for example, expanding their movies
' business or posting imposter movie evaluations,
to confer positioning misrepresentation. While the
significance of avoiding Ranking fraud has been
generally  perceived, there is constrained
comprehension and examination here. This project
gives a holistic perspective of positioning
misrepresentation and propose a Ranking fraud
identification framework for movies reviews. This
tremendous growth of movies has made it difficult
to user for finding unique and trusted patterns of
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Application in crowded movie stores. Thus to
solve this important issue, existing marketing
executives precisely use the movie download
history and ratings by the users to recommend the
mobile applications which is totally trusted.

In the future, we plan to study more effective
fraud evidences and analyze the latent relationship
among rating, review and rankings. Moreover, we
will extend our ranking fraud detection approach

with other mobile movie related services, such as
movies reviews recommendation, for enhancing
user experience. And also it can be further
enhanced with the measure pair-wise scores of the
applications and solve a matrix completion
problem to determine the quality of items. This
idea is both principled and functional with
significant of missing data of the reviews and
comments of the movies reviews.
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